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[View] ProcI Objectﬂ Print[ NameI Freeze nEstimate] Forecastl StatsI Impulse] Residsl
Meckor Awtoreqressinn Estimetes.

A

Vector Autoregression Estimates

Date: 06/06/17 Time: 11:15

Sample (adjusted). 1959M05 1989M12
Included observations: 368 after adjustments
Standard errors in () & t-statistics in [ ]

IP M1 B3

IP(-1) 1.253934 0.253215 0.095984
(0.05401) (0.17769) (0.05021)
[23.2147] [1.42501] [1.81170]

IP(-2) -0.187774 -0.230187 0.015590
(0.08557) (0.28149) (0.07954)
[-2.19448] [-0.81774] [0.19601]

IP(-3) -0.003780 -0.153515 -0.173824
(0.08556) (0.28146) (0.07953)
[-0.04418] [-0.54543] [-2.18570]
IP(-4) -0.059071 0.160097 0.071298

(0.05343) (0.17578) (0.04967)
[-1.10554] [0.91080] [1.43551]

M1(-1) 0.018813 1.305608 0.069550
(0 N153R) (0 NSNAN) (0 N1430) e

J.oL..a A o)L.i'JVAR 0y J.«.oi: uﬁ;é:.g)o 45)9.'4QLQ®VAR ol o e JJ.A
&yl sald g el Jow wizmen (TB3 s M1 (P) coul (K=3) asly yuxie 4w
Kp +) 5,10 0529 00 gy aloles ds j2 ,0 Jdi o yuxie VY olawd ol ol

(d=13
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Var: VAR \RT: |E=REcl T
[ViewlProcIObject][PﬂntINamelFreeze] [EstimateIForecastIStatsIlmpulseIstids]
Vector Autoregression Estimates

TB3(-4) 0.067962 0.243272 -0.008569 6

(0.05850) (0.19245) (0.05438)
[1.16175] [1.26410] [-0.15758]

c 0.162892 -0.992798 -0.199477
(0.17343) (0.57055) (0.16121)
[0.93922] [-1.74008] [-1.23735]

R-squared 0.999221 0.999915 0.968018
Adj. R-squared 0.999195 0.999912 0.966937
Sum sq. resids 113.8813 1232.453 98.39849
S.E. equation 0.566385 1.863249 0.526478
F-statistic 37950.20 3475332 8954048
Log likelihood -306.3509 -744 5662 -279.4628
Akaike AIC 1.735603 4117208 1.589472
Schwarz SC 1.873660 4255265 1.727529
Mean dependent 7097919 339.7451 6.333891
S.D. dependent 19.95932 198.6301 2895381
Determinant resid covariance (dof adj.) 0.289218

Determinant resid covariance 0.259637

Log likelihood -1318.390

Akaike information criterion 7.377118

Schwarz criterion 7.791290

Number of coefficients 39

FCIOREPI Y PY RCH POV E PSP SR | [ ¥
109 o0 Ao 15 & j50a (SC) 5,150 9 (AIC) Sl Sl Lo gy @

AIC = 21/ T+ 2n/T
SC = 20/ T+ nlog T/ T

iyl el o
n = k{pk+ d)

Sl VAR e 10 63,91 sl yiol )b JS sl N S
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VAR Specification
Basics | Prior type | Prior spedification
VAR Type Endogenous Variables
() Unrestricted VAR | gdp unemp m1
Vector Error Correction
@ Bayesian VAR
Estimation Sample Lag Intervals for Endogenous:
| 1950 2010 | |12

Exogenous Variables

| c

o) Coe ]

g Prior type S, «,ls 0455 Jol Tab 4o Var Specification Lol s, o
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VAR Specification

Basics Prior type | Prior spedification |

Prior type

Litterman / Minnesota i 'J

Initial residual covariance options
| Univariate AR estimate
) Diagonal VAR estimate
@ Full VAR estimate

/| Degrees of freedom correction

Jmem 5l iss lmaiys 8 Prior Type oo, 5,5 s sy 52

L 4 Sims-Zha Normal-Wishart .Normal-Wishart .Litterman/Minnesota

3,18 0929 bl g1, Sims-Zha Normal-Flat

Slp oy, S als oo Normal-Wishart a5 40 e s LePrior «s o,
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4S8 bl Type Prior Specification

Litterman / Minnesota Prior  szu
5 eslial b1, el b o wilgs oo Litterman/Minnesota Prior zso 5l sslial b

S dlre A3 9 Az Mg g JST Sl

VAR Specification )
Basics l Prior type | Prior spedfication
Prior specification type
9 Hyper-parameters
User-specified
Coefficdent Priors

Mul: 0 AR(1) coefficent

Residual Priors
Lambdal: 0.1 Overall tightness*®
Lambda2:  0.99 Relative cross-variable weight
Lambda3: 1 Lag decay
1

*You may use the keyword “Inf" to spedfy infinite variance

[ ok || cancel

! Hyper-Parameters
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Bayesian VAR Estimates

Date: 02/14/13 Time: 16:30

Sample (adjusted): 1960Q4 1978Q4

Included observations: 73 after adjustments
Prior type: Litterman/Minnesota

Initial residual covariance: Univariate AR
Hyper-parameters: Mu: 0, L1: 0.1, L2: 0.99, L3: 1
Standard emrors in () & t-statistics in [ ]

DLINVESTMENT  DLINCOME  DLCONSUMPTION

DLINVESTMENT(-1) -0.093779 0.017748 -0.003903
{0.07669) (0.01955) {0.01652)

[1.22277) [0.90787] [-0.23629)

DLINVESTMENT(-2) -0.010859 0.005534 0.007179
(0.04612) (0.01173) (0.00991)

[-0.23544) [0.47195) [ 0.72462)

DLINCOME(-1) 0.150255 -0.017130 0.086732
(0.30170) (0.07784) (0.06538)

[ 0.49802) [-0.22007} [ 1.020868]

DLINCOME(-2) 0.059967 0.010609 0.047408
(0.17853) (0.04617) (0.03868)

[ 0.33589) [0.22975) [1.22557)

DLCONSUMPTION(-1) 0.272233 0.103522 -0.047166
(0.35591) (0.09128) (0.07758)

[0.76489] [1.13412) [-0.60799]

DLCONSUMPTION(-2) 0.088063 0.002904 0.036281
(0.21118) (0.05415) (0.04615)

[0.41701] [ 0.05362] [0.78621]

c 0.008495 0.017854 0.017587

(0.01140) (0.00293) (0.00248)

[0.74534) [ 6.09886) [7.10390]

R-squared 0.057882 0.058994 0.097916
Adj. R-squared -0.027765 -0.026552 0.015909
Sum =q. resids 0.151955 0.009629 0.007093
S.E. equation 0.047983 0.012079 0.010367
F-statistic 0.675823 0689612 1.193989
Mean dependent 0.018229 0.020283 0.019802
S.D. dependent 0.047330 0.011921 0.010451

ddz slos ol Prior Type ise ;0 VAR o510 alaas o Ol b olgs oo

2,5 ikl
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©) Diagonal VAR estimate
) Full VAR estimate
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Bayesian VAR Estimates

Date: 02/14/13 Time: 14:05

Sample (adjusted): 1960Q4 1978Q4

Included observations: 73 after adjustments
Prior type: Litterman/Minnesota

Initial residual covariance: Diagonal VAR
Hyper-parameters: Mu: 0, L1: 0.1, L2: 0.99, L3: 1
Standard errors in ( ) & t-statistics in [ ]

DLINVESTMENT DLINCOME DLCONSUMPTION

DLINVESTMENT(-1) -0.096453 0.017885 -0.003959
(0.07622) (0.01924) (0.01551)

[-1.26547) [ 0.92950] [-0.25524]

DLINVESTMENT(-2) -0.011337 0.005721 0.007308
(0.04601) (0.01159) (0.00934)

[-0.24639] [0.49375) [ 0.78263]

DLINCOME(-1) 0.150439 -0.019351 0.069184
(0.30206) (0.07717) (0.06183)

[ 0.49805) [-0.25076] [1.11887]

DLINCOME(-2) 0.061511 0.010797 0.049405
(0.17965) (0.04601) (0.03677)

[ 0.34239) [0.23465) [ 1.34362]

DLCONSUMPTION(-1) 0.297322 0.112852 -0.051735
(0.36589) (0.09293) (0.07531)

[0.81261] [1.21434) [-0.68697]

DLCONSUMPTION(-2) 0.100237 0.003454 0.040620
(0.22109) (0.05615) (0.04563)

[0.45338] [0.06151] [ 0.89022)

Cc 0.007766 0.017691 0.017498

(0.01147) (0.00292) (0.00235)

[ 0.67684] [6.06270] [ 7.43245)

R-squared 0.060117 0.061359 0.102341
Adj. R-squared -0.025327 -0.023972 0.020736
Sum sq. resids 0.151595 0.009605 0.007059
S.E. equation 0.047926 0.012064 0.010342
F-statistic 0.703587 0.719073 1.254100
Mean dependent 0.018229 0.020283 0.019802
S.D. dependent 0.047330 0.011921 0.010451
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Equation Estimation
Spedfication | Options
Mean equation
Dependent followed by regressors & ARMA terms OR explicit equation:
diog(spx) ¢ ARCH-M
None v

Variance and distribution spedfication
Variance regressors:

Model: |GARCH/TARCH v
Order:

ARCH: |1  Threshold order: | 0

GARCH:| 1 Error distribution:

Restrictons: None v Normal (Gaussian) v
Estimation settings
Method:  ARCH - Autoregressive Conditional Heteroskedasticity v

Sample: | 1/01/1950 13/31/1999
o« || cancel
Mean Equation g
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Dependent Variable: DLOG(SPX)

Method: ML ARCH - Normal distribution (Marquardt / EViews legacy)
Date: 03/09/15 Time: 13:23

Sample: 1/02/1990 12/31/1999

Included observations: 2528

Convergence achieved after 26 iterations

Presample variance: backcast (parameter = 0.7)

GARCH = C(2) + C(3)*RESID(-1)"2 + C(4)*GARCH(-1)

Variable Coefficient Std. Error  z-Statistic Prob.

C 0.000597 0.000149 4.013882 0.0001

Variance Equation

C 5.83E-07 1.37E-07 4.261215 0.0000
RESID(-1)"2 0.053317 0.005152 10.34861 0.0000
GARCH(-1) 0.939955 0.006125 153.4702 0.0000

R-squared -0.000014 Mean dependent var 0.000564
Adjusted R-squared -0.000014 S.D. dependent var 0.008888
S.E. of regression 0.008889 Akaike info criterion -6.807476
Sum squared resid 0.199649 Schwarz criterion -6.798243
Log likelihood 8608.650 Hannan-Quinn criter. -6.804126
Durbin-Watson stat 1.964029
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MNPley b,

e 3 0195 o0 gl 50 BLSISS Hgww S5 0590 2 sl

Object > New Object > Equation

Quick > Estimate Equation

ol w59 QREG o)le ol )b 5l lg oo crizrod waumsy S35 590 02ty

2,5 Ny (o yiwd jegl 5o BLleS 0 oy 4 sl ey

10 a2l 50yt 3)lg Vb prae (o 5l

Equation Estimation et}
Spedfication | Options |
Equation specification

Dependent variable folowed by list of regressors OR an explicit
linear equation like Y=c(1)+<(2)™X.

Quantile to estimate: | 0.5

Estimation settings
thod: | QREG - Quantie Regression (incuding LAD) -
Sample: | 1 235
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Estimation Options g
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Quantile Regression Options gz

il 5 O yg0 4 cdnline gl Quantile Regression Options iz

Estimation options

Coefficent | ber Sandwich ¥
Weight: None v
Sparsity Estimation

Method: Kernel (residual) v
m(fh Hall-Sheather v
Size Param: | 0.05

Quantile

Method: Rankit (Cleveland) v

Kernel: Epanechnikoy v
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Bootstrap settings
Method: XY-pair v

Replications: ' 100

No. of obs:

Qutput:

Random

generator: Knuth N/
Seed: Clear

a5 .0, 41,8 No. of obs 5 Replications a5 g0 o, ol (sl Gidw o
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Dependent Variable: Y

Method: Quantile Regression (Median)

Date: 08/12009 Time: 11:46

Sample: 1235

Included observations: 235

Huber Sandwich Standard Errors & Covariance

Sparsity method: Kernel (E panechnikov) using residuals
Bandwidth method: Hall-Sheather, bw=0.15744
Estimation successfully identifies unique optimal solution

Variable Coefficient  Std. Eror t-Statistic Prob.
Cc 81.48225 24.03494 3.390158 0.0008
X 0.560181 0.031370 17.85707 0.0000
Pseudo R-squared 0.620556 Mean dependent var 624.1501
Adjusted R-squared 0.618927 S.D. dependent var 2764570
S.E. of regression 120.8447 Objective 8779.966
Quantile dependent var 582.5413 Restr. objective 23139.03
Sparsity 209.3504 Quasi-LR statistic 548.7091

Prob(Quasi-LR stat) 0.000000

S lrnl 50 e oo Giulei 1) sab 0,515 sloesls Sy (9,5 Vb Coo
38 iz ol ooliol sl )lggS e yile aule (1o Huber Sandwich g,
oolawl +/VOVEY ;49 g Hall and Sheather 4. ;Method Bandwidth s

ol 00
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Sl ) (6,50 435 Bootstrapping sl 4 (il )lgsS ale (sl col o
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ooliylesS a5 a il g1y MCMB-A alsl jo .ol SIS |, Options
Sl a0 gl Calyd jo e iol8l 0 e a1 | o)1 ST olows oS olzal

Ailes SIS OK a8 YL Ol s a0 gl jo

Dependent Variable: Y

Method: Quantile Regression (Median)

Date: 08/12009 Time: 11:49

Sample: 1235

Included observations: 235

Bootstrap Standard Errors & Covariance

Bootstrap method : MCMB-A, reps=500, rng=kn, seed=47500547
Sparsity method: Siddiqui using fitted quantiles

Bandwidth method: Hall-Sheather, bw=0.15744

Estimation successfully identifies unique optimal solution

Variable Coefficient  Std. Ermror t-Statistic Prob.
C 81.48225 22.01534 3.701158 0.0003
X 0.560181 0.023804 23.53350 0.0000
Pseudo R-squared 0.620556 Mean dependent var 624.1501
Adjusted R-squared 0618927 S.D. dependentvar 2764570
S.E. of regression 120.8447 Objective 8779.966
Quantile dependentvar 5825413 Restr. objective 23139.03
Sparsity 267.8284 Quasi-LR statistic 428.9034

Prob(Quasi-LR stat) 0.000000
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Sspace: SS5_ARMA21

Method: Maximum likelihood (BFGS / Marguardt steps)
Date: 03/16/15 Time: 11:42

Sample: 1943M01 1960M12

Included observations: 144

Convergence achieved after 9 iterations

Coefficient covariance computed using outer product of

gradients
Coefficient Std. Error z-Statistic Prob.
C(1) 5.499767 0.257517 21.35687 0.0000
C(2) 0.409013 0.167201 2446239 0.0144
C(3) 0.547165 0.164608 3.324085 0.0009
C(4) 1.188382 0.141481 8.400799 0.0000
C(5) -4.934585 0.308276  -16.00704 0.0000
Final State  Root MSE  z-Statistic Prob.
Sv1 0.245396 0.084850 2.892117 0.0038
sSv2 0.319569 0.047896 6672101 0.0000
Log likelihood 1243367  Akaike info criterion -1.657454
Parameters 5  Schwarz criterion -1.554336
Diffuse priors 0  Hannan-Quinn criter. -1.615553
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Starting values
Start method: |Eviews Suppled |
Randomized estimates:
No. of random starts: 50
Iterations for starts: S
No. of random from final: | 0
Random scale: 1

Generator: »Knuth v
Seed: ’

Start Method iz
ol a5 cwlal g, SO ams e o3>l Lo 4 Start Method i
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System Estimation
Estimation Method ' Options

Estimation method Time series HAC specification
Full Information Maximum Lielihood v Prewhitening by VAR(1

Estimation settings @ Bartett

Residual covariance: |Unrestricted v

Sample
1980q1 2002q2

OK Cancel

Unrestricted, .o ;| oas oo ojl>! Le—s 4 Residual Covariance s

S ol 1, S User-factor 4 Diagonal, User-covariance

q)
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u“"L’)‘Bﬁs u**-’)-’LA Gl—ao'-\—’uél—’ )—aaL.C 'ALA.: L)] 4o S cwIFIML
g s e (Sl dlae ul S b ol o
Diagonal wledas e

FIML 55,515 5l eolatl b oo 0591 oo sloODbjECE 45" sl aisls a>g5
599l leasws L (User-Factor 4 Diagonal, User-Specified) so_& sgosre

sl B (1 w51 8 sloaind) 3

Lay 35wl
sl s GMM 3SLS . 53 TSLS SUR « 55 wlasye J3la> sl
o Sl e gl gy J5S Gl i (SLol Gloan 5« Jas e SYolre
3l o ARCH s sl wizman 0518 8929 calpd oy g 039 GLS
o o 43S 5 23 L Olyie 4 (295 @ olyie 4 9B e sl il 5l
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Estimation Method = Options

Estimation Options

Max Iterations: | 500
Convergence: 1e-8

|| Display iteration settings

System Estimation

Iteration control
Iterate weights and coefs
Simultaneous updating
_) Sequential updating
Update weights once, then ...
@) [terate coefs to convergence
Update coefs once

Derivatives
Select method to favor:
®) Accuracy Speed

Use numernic only

i |y 98 0 b g (S35 mle sl ps 1SS By, 0,91 0,2 0 Option sy

Update weights once, then— 5, » a5 cpl (58 i o> oS

3,5 1,5 Iterate coefs to convergence

o le sleslawl L1, (First-Stage) sl al> o pesss jougl (0,8 Lt > 5o
3o 3 TSLS L) OLS | Jol> adsl polio 3l oolatel b s oo plxl Sj9 e

dolol Wg s 1)Ko culo a8 Sloj U1, Jol dd> o uaddd jogn) (010 0929 I3l a5
Walee S5 g )55 S Jols (g, (nl ol (s g ya 4S5 (Sy50 )0 ans o
)lf)l._w é)jTﬁ «_i: -)L’?r.:‘ (_g‘).c Jg‘ 4.1.’>).4 M SLQOJJLQ‘;L! .ol TSLS l.aOLS

g g0 oolaiwl S s ple b

ay
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IRV PP
slas ol then—Update coefs once 4 Update weights once slea ;s
) cald 2lSen sasl i 0 05510 1) (G55 pmile § amgo plonil | Sl al> o
oo yob a4 il o o conyl ol s (5L Jgl al> o ol s aS )]
odg sl Jsl Ui, alie a5 1, ol il s g pas a5 ol 51 bl ccenl 5500

25 A aes o Cewd a1y (ol Wiyl i, sl pled a5 ail adls ax g
Jolse Iterate Weights and Coefs 4,35 g0 s sla Jas sl adyls oYL
culyo | wiiwa Joles One-Step Weighting Matrix a5 g0 5 oi—wn

23,0551, 4 (3l ead 9541

! Second Stage
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System Estimation

Estimation Method | Options

Estimation Options ARCH options
Optimization rakins
method: BFGS v Starting coeffident value:
EVi v
Step method:  Marquardt v lews Supphed
Starting (presample) covariance:

! : | 500
e Backcast parameter = 0.7 v

Convergence: 108

[] pisplay iteration settings Coefficent name: | C

Coefficent covariance Derivatives
Covariance
method: Ordnary Y,

® Accurac

Information PG o
matrix: |_IUse numeric only

oK Cancel

1098 o0 Byl 53 sban 35 acgemme 998 0 GBI ARCH g, Jile;

E95 &lp 9, Jake ax a5 amo o L Starting Coefficient Value a ;5
4235 oy 2 09 ol PR Ui sk o al L s5e Sipl pe 1SS anl
I, User Supplied 4y ;5 alss oo fuizmed L .5l 54>5 EViews Supplied
lay T Lo L (C) coli sz 511 095 9,8 o pd b ans o ojll Lo 4 a5 6l

y omlb,ly aolas 4o soliiwl 0,50 <ol,—5 oL Coefficient name 4, ;5 o
aS Cowl B9, saraslis Starting (Presample) Covariance a5 o

g dlone JAT1 0 50 (559155 g Aiged (b uibly Wb
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View | Proc| Object | | Print | Name | Freeze

InsertTit | Estimate | Spec| Stats | Resids

¢_k=c(1)+c(2)"og(p_kp_m)+c(3)*log(p_Up_m)+c(4)*log(p_elp_m)
¢_l=c(5)+c(6)*1og(p_Kp_m)+c(7)"loglp_Up_m)+c(8)"log(p_efp_m)

¢_e=c(9)+c(10)"oglp_kp_m)+c(11)"og(p_lp_m)+c(12)*log(p_e/p_m)

8,51 gl i o 550 (FIML)  ols cledlbl Jlazxs! iSTas L ol Jow

System: SYS_UR

g2 wale> 5 &0

Estimation Method: Full Information Maximum Likelihood (Ma rquardt)

Date: 08/13/09 Time: 09:10
Sample: 1947 1971
Included observations: 25

Total system (balanced) observations 75
Convergence achieved after 128 iterations

Coefficient Std. Emor  z-Statistic Prob.

c() 0.054983 0009353 5878830  0.0000

C(2) 0.035130 0035677 0984676 03248

cE) 0.004136 0025616  0.161445 08717

C(4) 0.023633 0.084444 0.279867 0.7796

C(5) 0250180 0012019  20.81592  0.0000

C(6) 0.014758 0.024771 0595766 05513

c() 0.083909 0032188  2.606811 0.0091

C(8) 0.056411 0.096020 0.587493 0.5569

C(9) 0.043257 0.007981 5.420095 0.0000

C(10) -0.007707 0012518  -0.615722 0.5381

C(11) -0.002183 0020123  -0.108489 09136

C(12) 0.035624 0.061802 0.576422 05643

Log likelihood 349.0326 Schwarz criterion -26.37755
Avg. log likelihood 4653769 Hannan-Quinn criter. -26.80034

Akaike info criterion  -26.96261
Determinant resid ual covariance

1.50E-16

L Full Information Maximum Likelihood

ay
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99 (bl g2 s Zggae 305l sl
View > Coefficient Diagnostics > Wald Coefficient Test

0SS 1, OK 4 38 5 oS LSS 1) 5 ald

Coefficient restrictions separated by commas
c(3)=c(6), c(4)=c(10), c(8)=c(11)

Examplas
c(=0, c@m2ctd) | |_ok ) [ comcel |

g dolgS ) Sjgo 05l @l

Wald Test:
System: SYS_UR
Null Hypothesis: C(3)=C(6), C(4)=C(10), C{B)=C(11)

Test Statistic Value df Frobability

Chi-square 0.418796 3 0.9363

Null Hypothesis Summary:

Normalized Restriction (= Q) Value Std. Err.

GC(3)- C(6) -0.010622 0.039838
C(4)-C(10) 0.031340 0.077783
C(8)-C(11) 0.058594 0.090758

Restrictions are linear in coefficients.

aA
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a5, cpl gl «(/AY) ol #0051l i ds aS s B 0,90 p ekl 4 axgi b
2,50, Ol 1, 093] 390 o)l Cusgase
‘A“"SQSL’ ‘) Py R Yoleo Wf o JLQ.C‘ O)LQ...A @ojm .))91).3 6‘);

Object > Copy Object

View > System Specification
MRS et (6,500 Cadgazme £43 50 L) 5 Billae | s 0200 s

0G Wo 0 . B(X)
\.'uew[onclObjectJ IPunt Name Freeze] InsertTxt Eshmate[SpeclStatslRes:ds
¢_k=c(1)+c(2)Mog(p_kp_m)+c(3)*log{p_Kp_m)+c(4)*log(p_e/p_m)

c_l=c(5)+c(3)"log(p_kp_m)+c(8)"og(p_Lp_m)+c(7)log(p_elp_m)

¢_e=c(8)+c(4)"og(p_kp_m)+c(7)"og(p_lip_m)+c(9)*log(p_elp_m)

] 00 Lg)k\fﬁb SYS_TLOG ).]a.' Sy90 W uol.‘> Sy90 Q"‘ IS

Oloie 4090 c0 Jlogl dobie jo 50 ailive culyo 3l eolatnl b lacgsgaoms ippe 4555
109 o o oo Hlea (C (3)) C_Kdsles ,o (P_L/P_M) l0g oo ¢ Jlo
2wl C_L dolas ,o(P_K/P_M)

19
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&9, adolas 5,91 sl .0 ol |, Information Maximum Likelihood

oS SUSOK

System: SYS_TLOG

Estimation Method: Full Information Maximum Likelihood (BFGS / Marquardt
steps)

Date: 03/10/15 Time: 22:09

Sample: 1947 1971

Included observations: 25

Total system (balanced) observations 75

Convergence achieved after 38 iterations

Coefficient covariance computed using outer product of gradients

Coefficient Sud. Error 2z-Statistic Prob.

C(1) 0.057022 0.003306 17.24913 0.0000
C(2) 0.029742 0.012583 2.363697 0.0181
C(3) -0.000369 0.011205 -0.032971 0.9737
C(4) -0.010228 0.006027 -1.697176 0.0897
C(5) 0.253398 0.005050 50.17733 0.0000
C(8) 0.075427 0.015483 4871616 0.0000
C(7) -0.004414 0.009141 -0.482900 0.6292
C(8) 0.044286 0.003349 13.22339 0.0000
C(9) 0.018767 0.014894 1.260009 0.2077
Log likelihood 344.5916 Schwarz criterion -26.40853
Avg. log likelihood 4.594555 Hannan-Quinn criter. -26.72563
Akaike info criterion -26.84733
Determinant residual covariance 2.14E-16

Sl oaid (315 (29,5 (Gl Gisu 50 Jgl B oY pleiin s o0 S polia
..b).:f.g )‘)5 ool 3,90 oW uS.o.a &Lo.:.‘:.m)o Cnd Q?“’)] 6‘)—’ aS

Oas il 0ol (58 Jlo 5 oailandly O ez 20595 A D9 c0 2,8 &S >l
S5 25 o 595 32 T b Sl Loy 0ailandly Oz 595 il bole Sl

Proc > Make Residuals

! Log Likelihood
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Db 5L oailedl o e U

Make Residuals @

Residual type
(& Ordinary
Standardized residuals using:

(O Cholesky of covariance [E
() Square root of correlation

() Square root of covariance

Basename for residuals

RESID

Sles Ll |, Standardized Residuals b 3 Ordinary as ;5 ol Sow Lot
9 035 ol (4 b a8 laosilendl (g5 sl 1) U510 90 pb 35 Gidu cpy>T 50
ool bl el oot LI RESID 50l 5o o0t bt sl .ailed ol
3,9y oS a laie oailendl a5 ol aseine solatul floj 4o a5 aib (slasgSs Wb

AJL;o ).M.u et d‘lbd)j"ﬁ LE‘)" LBOAJLA.;.S[J ‘).:) o

ol oo sl Ordinary Residuals o ,)15 5 a8 (w0 9,50 Jlio o
52 sl esliil 5 )50 slacs s 51 S5 58 (sl siogi Lol alre sl eizen

WS b 1) 2 e e 9 0S8 SIS Lo Hlai 0590 ke (59,

View > Descriptive Stats > Common Sample

g waly> 55 Oj90 4 gl
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G oup D 0 e 0 0 L]

\hewl?rmjomm IPvint Name Fueze] LSample Sheet | Stats SpecJ

RESIDO1 | RESIDO2 | RESIDO3 |
Mean 682E-03 = 563610  1.76E-09 -
Median -0.000562 0000236  -0.000690
Maximum 0007811 0017888  0.002907
Minimum | -0.005952  -0.012294  -0.002777
'Std. Dev. 0003214 0005470 0001823
Skewness 0664427 0835613 0116650
Kurtosis 3013741 6437974 1.488611
Jarque-Bera 1839625 = 1522152 2436171
Probability 0398504 0000435  0.205796
Sum 1.70E-07 | 141E-08  4.40E-08
SumSq.Dev. | 0000248 0000718  7.98E-05
Observations 25 25 25
v
< >

g—os drwlzmo jkio 8 (Sl g peiion e Slo o ((SSlee w0yl o
S oo o3a3l |y @ier oo Jloyi a8 Jarque-Bera )Ll Vi g5 50 (rizeen
a3l aeo )0 B Vb Jlozml e ST g8 (og oy sesl ol oo 40553
RESIDL (5, o i 4 Y Jlio jo 09300 abpdy Jlo b 95 423

wies Jloyi 5 Jlosi i Jlo,s RESID3 y RESID2

Oy Mbwo)j—lﬁ Sy el (Sane Solily anze U 5l ol o a)ﬂﬁ
5 Al o gomdils i U Glgie 40,5 1,8 colaiwl 0,90 g Jelse
1SHle lawgs VLS

1+¢(3)/(C_K*C_L)

! Capital and Labor

VoY
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C_K jolie 4 5 s ol oils S a5 ol ails ax g5 05l o dumolone
s )l S C_L g
Quick > Generate Series
1sle g oS ol
es_kl =1+ sys tlog.c(3)/(c_k*c_I)

waalin ;2,0 ;0 45 (695 g Mle o il iiS csslin gl 0SS o)l )

View/Graph/Line & Symbol

=]
VnewJPm( Omeanropemesi I1Pnnt NameiFreezel Defaut v | | Options | Sample
ES_KL
980
978 4
&%
976 4
974 4
972 1 A
9704 /
B o B e O R S e B S S S e s
48 50 52 54 56 58 B0 62 B4 b6 B8 70

V.V
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@ gl JiS el yiile diged 0 () 9y90 (Sl GiS aS Jl o
el BT OlS b d e s 8 b sillas a5 Sl SO 4 Soop S jeb

System ARCH b o, JLwo

Ay g (Sft)w.::jB_m Salys ‘(jyt) LR Gi..a.cb Gcba)'l_j slaools 5l Jle cpl 4o
Y09 g0 oolawl (DPL) eI

il 32) Ojgo A (o) 2 390 SYolas

log (yu,/Ju,_ 1) = ¢, + €,
]ng{.n-:_f‘,/.u_fl, 1) = ep¥eE

]ug“-lpj./ Ir-'j-'l._ I]I = oy + €q,

09d o0 &ilw e 4l (6,8 VECH G 5l oolaznl b (b i uily)lgsS

I = H+.—1.®FI._

4

€1 T+ B H,

dlog(jy) = c(1)
dlog(sf) = c(2)
dlog(bp) =c(3)

! Cobb-Douglas Cost Function
Sgd oo ax3lis “FXWFL” 615 Ll sl b g 50000 ol j0 Jlie cpl 50 oolital 5,50 slaosls ¥

\-f
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3,31 0,0 5l ARCH - Conditional Heteroskedasticity as ;5 511, Jow o0
5, wleadas iy ol Diagonal VECH s 41 5 Gaa a5 > 51 oss olses!
3511980 2000" 4yl aiges Sample isy j0 05— oo ools )8 el oy
b oS SIS OK 4y 35 (555 52 20,050 1,8 eoliiial 5550 diged 5l (ot b 1 oo

System: SYSTEMO1

Estimation Method: ARCH Maximum Likelihood (BFGS / Marquardt steps)
Covariance specification: Diagonal VECH

Date: 03/10/15 Time: 22:15

Sample: 12/31/1979 12/25/2000

Included observations: 1096

Total system (balanced) observations 3288

Presample covariance: backcast (parameter =0.7)

Convergence achieved after 68 iterations

Coefficient covariance computed using outer product of gradients

Coefficient Std. Error z-Statistic Prob.

C(1) -0.000865 0.000446  -1.936740 0.0528
C(2) 5.43E-05 0.000454 0.119510 0.9049
C(3) -3.49E-05 0.000378  -0.092282 0.9265

Variance Equation Coefficients

C(4) 6.49E-06 1.10E-06 5.919901 0.0000
C(5) 3.64E-06 9.67E-07 3.759945 0.0002
C(s) -2.64E-06 7.39E-07  -3.575569 0.0003
C(7) 1.04E-05 2.28E-06 4.550943 0.0000
C(8) -8.03E-06 1.62E-06 -4.972743 0.0000
C(9) 1.39E-05 2.49E-06 5.590122 0.0000
C(10) 0.059566 0.007893 7.546435 0.0000
Cc(11) 0.052100 0.007282 7.154661 0.0000
C(12) 0.046822 0.008259 5.668999 0.0000
C(13) 0.